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ABSTRACT
This study aimed to investigate the changes in FDI outflow resulting from
Jordan’s response to the Syrian Crisis. Using time series analysis of selected
variables during the period 1980 until 2018 using the ARDL model. The
objective achieved the appropriate statistical tests such as data stability and co-
integration tests have been used. The variables analysed the growth of FDI
outflow GOFDI, the unemployment rate UR, growth of imports GIMP,
inflation CPI, population growth POP, education spending LEDU, price oil
price volatility OPV, dummy variable for the Syrian crisis DUM, and the error
term pt. The dependant variable is the foreign direct investment outflow
GOFDI. This study results in a long-term the error correction term for the
unemployment model is -1.98. In other words, the economy is adjusting towards
long-run equilibrium at a speed of 1.98. Also, the error correction term for the
inflation model is -1.11. In other words, the economy is adjusting towards long-
run equilibrium at a speed of 1.11. Finally, the error correction term for the
imports model is -1.41. In other words, the economy is adjusting towards long-
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run equilibrium at a speed of 1.41. The study recommended; that the Jordanian
government must provide an appropriate environment for foreign investment
and remove the obstacles to investment in general, in order to attract foreign
investment capital to invest in the Jordanian economy.

Keywords: foreign direct investment outflow (OFDI); the unemployment rate
(UR); the Syrian crisis; ARDL; Jordan.

BACKGROUND OF STUDY

The Jordanian economy is one of the open developing economies. The World
Bank (2019) recognises two main constraints faced by Jordan’s economy, namely
low economic growth and high unemployment rates. In the decade from 2008 to
2018, economic growth has declined from 5.47 percent to 1.94 percent.
Meanwhile, unemployment has risen from 12.9 percent in 2011 to 18.6 percent
in 2018. Jordan’s gross domestic product (GDP) is constrained as it has limited
natural resources. Financial support for investment is also lacking, as indicated
by the declining government expenditure, from 29.2 percent of GDP in 1980 to
15.4 percent in 2018 (World Bank, 2019). The country also suffers from weak
investment capacity and lack of private investment capital. From 1981 to 2018,
the gross fixed capital formation of the private sector has declined from 27.8
percent to 15.3 percent of GDP (Chea, 2011; Sy & Rakotondrazaka, 2015;
UNCTAD, 2015; Wortld Bank, 2019).

The Jordanian economy, like other Middle Eastern countries, is affected
by political changes and economic shocks of the region. This paper highlights
the Syrian crisis as one of the most important events affecting the Jordanian
economy. The impact of the crisis on the nation’s economy cannot be
understated, as Jordan houses more than 1.3 million Syrian refugees (Al-Qadi &
Lozi, 2017; Leopardi & Trentin, 2022; Ministry of Planning and International
Cooperation, n.d.). It has also increased the competition for jobs between
Jordanians and Syrians, inflating the unemployment rate from 12.9 percent in
2011 to 18.6 percent in 2018. The consumer price index has risen from 104.16 in
2011 to 124.66 in 2018. Imports increased from $2.13 billion in 2011 to $2.28
billion in 2018 to cover the deficit in essential commodities (Central Bank of
Jordan, 2017, 2019; World Bank, 2018). The Syrian crisis also affects FDI
outflow in Jordan through its disruption of trade, low investment and tourism,
and increasing housing and food prices. The majority of Syrian refugees in
Jordan greatly undermine its economy and social fabric (Abdih & Geginat, 2014;
Alrabab2’h et al., 2021; Alshoubaki & Harris, 2018; Lozi, 2013; World Bank,
2018). The crisis thus produces direct effects on unemployment, imports, and
inflation, and inditect effects on FDI outflow.
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This paper highlights the Syrian crisis as the most important event to
affect the Jordanian economy. This is shown in an unprecedented influx of
refugees, disruption of trade, tourism and low investment, and increasing food
and housing prices. The large numbers of Syrian refugees in Jordan greatly
undermine its economy and social fabric. This crisis has also increased the
unemployment rate, inflation rate, and imports (Abdih & Geginat, 2014;
Alshoubaki & Harris, 2018; Lozi, 2013; World Bank, 2018).

The crisis has raised the unemployment rate as mentioned before. Most
Syrian refugees in Jordan live in its towns and villages, among local communities.
Only 17 percent live in the two main refugee camps, Za’atari and Azraq There is
increased competition for limited job opportunities between Syrians and
Jordanians, and the Syrian refugees are willing to accept jobs, with lower wages
(Abdih & Geginat, 2014; Alshoubaki & Harris, 2018; Lozi, 2013; World Bank,
2018). Inflation (consumer price index) has also risen from 104.16 in 2011 to
124.66 in 2018 (Cooperation, 2019),which led to increased demand for goods
and services (Abdih & Geginat, 2014; Ajluni & Kawar, 2014; Alshoubaki &
Harris, 2018; Lozi, 2013; Wotld Bank, 2018). Moreover, imports rose from $2.13
billion in 2011 to $2.28 billion in 2018 to cover the deficit in essential
commodities such as food and energy (oil), simply because their consumers have
increased significantly (Abdih & Geginat, 2014; Ajluni & Kawar, 2014; World
Bank, 2018).

The Jordanian FDI outflow had an exponential growth starting from the
year 2010 (Central Bank of Jordan, 2019; World Bank, 2018). It happened to be
the same year that the Syrian crisis began in 2010. Haddad (2018) recommends
measuring the impact of the Syrian crisis on the Jordanian economy.
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Figure 1: FDI net outflow in Jordanian economy
OFDI: FDI net outflow
Sources: World Bank
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In addition, figure 1 shows FDI net outflow of the Jordanian economy
for the study period (1980-2018). Furthermore, FDI net outflows have grown
dramatically from 3.1 M$ in 1980 to 72 M$ in 2009, with an average FDI net
outflow of 3.44 M$ throughout this period (World Bank, 2019). Additionally,
while comparing the average of Jordanian FDI net outflows prior to the Syrian
crisis, the average of flows from (2000-2009) was 22.6 M$. While the average of
flows climbed to 30.7 million dollars after the Syrian conflict during the period
(2010-2017) (Central Bank of Jordan, 2019; World Bank, 2018). Moreover,
Jordan's FDI outflows ate increasing as mention before. And has resulted in a
rise in the key difficulties confronting the Jordanian government, including an
increase in unemployment and inflation rates, as well as a slow development in
Jordan's economic growth.

A thorough survey of the literature shows that the Syrian crisis is the
most important event that affects the Jordanian economy. Therefore, this paper
investigates the changes in FDI outflow from Jordan caused by the Syrian crisis.

Olwan and Shiyab (2012) dives into the social, legal, and economic
conditions of Syrian refugees in Jordan. They interviewed 105 household heads
in the four provinces of Bilqaa, Mafraq, Amman, and Irbid. In addition to
interviews, the respondents were also asked to answer a questionnaire. The
authors discovered that the Jordanian government faces many challenges
brought by the Syrian refugees, who are in dire need of basic necessities such as
housing, health, and education. Furthermore, Lozi (2013) attempts to understand
the impact of Syrian refugees on the Jordanian economy through the use of
preliminary data collected using the questionnaire. The most prominent results
show that Syrian refugees positively affect unemployment and food prices. There
is no relationship between Syrian refugees and FDI.

In addition, Ajluni and Kawar (2014) examined the impact of the Syrian
crisis on the Jordanian labour market. This study is a descriptive study of the
effects of the Syrian crisis, which includes the rising youth unemployment rate
(structural unemployment), high poverty rate due to the shortage of jobs, low
level of wages, and high level of prices of goods and services. The study
recommends that the government take into account the right of refugees to live
in dignity when considering the solutions to unemployment and improving the
livelihoods of Jordanians. Moreover, Fakih and Ibrahim (2015) investigated the
impact of Syrian refugees on the Jordanian labour market from January 2012 to
December 2013 using the VAR model. They found no statistical impact of the
Syrian crisis on the labour market in Jordan. The Granger causality test shows no
correlation between the Syrian crisis and the Jordanian labour market.
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Finally, Haddad (2018) analysed the impact of the Syrian crisis on the
Jordanian trade during the period 2005-2015. The author analysed monthly data
and used a dummy variable to reflect the Syrian crisis. The main results are the
declination in the Jordanian Syrian trade exchange, which negatively affects
Jordanian imports, trade volume, and trade balance, but it does not affect
national exports. The study recommends conducting analytical studies and using
economic models to examine the impact of the Syrian crisis on all sectors of the
Jordanian economy.

This paper differs from the above studies and contributes novel
knowledge to the literature by examining the changes in FDI outflow following
Jordan's response to the Syrian crisis. Whereas the previous study mostly gives
more emphasis on partial effect of the Syrian refugees rather than the economy
of Jordan as a country. That is, it examines the indirect effect of the Syrian crisis
on FDI outflow through its direct effect on unemployment rate, CPl, and
imports.

METHODOLOGY

This section explains the models used to answer the third research question. The
tests are carried out using EViews-10. Based on the unit-roots test, ARDL is
found to be the best analysis model the relationship between the variables. There
are three main reasons for choosing the ARDL estimation. First, the time series
is stationary at different levels (I (0) and I (1)). Second, co-integration has been
detected in the series, indicating that there exists a long-term and short-run
equilibrium relationship between the variables. Third, ARDL model gives an
accurate result for a small sample size of data (Alves & da Silveira Bueno, 2003;
CINDIK, 2022; Dike, 2018; Engle & Granger, 1987; Kripfganz & Schneider,
2018).

Model Specification

According to (Ajluni & Kawar, 2014; El-Ghali, Betjaoui, & McKnight, 2017;
Haddad, 2018), the models are based on the effect of the Syrian crisis on the
Jordanian labour market, higher education, and external trade. Unemployment
rate, imports, and inflation are identified as the independent variables;
population growth and education as the control variables; the Syrian crisis as
dummy variable; and FDI outflow as the dependent variable. Three empirical
models have been developed:

GOFDI = f(UR, CPI,GIMP, POP, LEDU, OPV)
GOFDI, = By + PLUR; + BoCPI, + B3GIMP, + B,POP, + BsLEDU,
+ BsOPV, + B,UR, * DUM + p,
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GOFDI, = By + B1UR, + BoCPI, + B3GIMP, + B,POP,
+ BsLEDU.+ BsOPV, + B;CPI, x DUM + p;
GOFDI, = By + B1UR; + BoCPI, + B3GIMP, + BLPOP, + BsLEDU,
+ BsOPV, + B,LIMP, * DUM + p,

Where GOFDI is the growth of FDI outflow, By is the constant, UR is
the unemployment rate, GIMP is growth of imports, CPI is inflation, POP is
population growth, LEDU is education spending, OPV is price oil price
volatility, DUM is dummy variable for the Syrian crisis, and p. is the error term.

DATA ANALYSIS

Unit Roots Tests (Augmented Dickey-Fuller test)

The stationarity of variables is an important determinant of the validity of a time-
series model. A model that fails to fulfil this criterion produce unrealistic and
misleading results, that is, they lead to false regressions (spurious regression).
There are numerous methods to test the stationarity of variables, the most
common of which is the unit root test. If the time series is stationary at the level,
it is said to be integrated of order zero, i.e. 1(0). If it is stationary at the first
difference level, it is integrated of the first order, i.e. I(1), and so forth. The X,
time series is integrated of a certain degree (I) if it is stationary at the difference
level (I) (Beare, 2018; Khraief, Shahbaz, Heshmati, & Azam, 2020; Otero &
Baum, 2021; Phillips & Perron, 1988). According to Gujarati (2009), in general,
the X time series is completely static when: Firstly, its arithmetic mean is
constant (E(Xy) = w); Secondly, fixed variation (var(Xy) = o¢?); Thirdly, the
correlation between X, X + k depends only on £, meaning that:

Yk = con(Xt, Xt + k) = E[(Xt ) (Xt + kw)], k=123 ..., T

To test the stationarity of time series variables and their degree of
integration, the augmented Dickey-Fuller (ADF) test is used. It is one of the
most popular tests to detect stationarity and co-integration. This test is based on
the following formula (Cheung & Lai, 1995; Otero & Baum, 2021; Paparoditis &
Politis, 2018):

Yt =AY+1 + UA
Yr=C+ AY+1 + UA
Yt=C+ fr+ aYr1 + UA

If the error terms (U?) of the above formulae are autocorrelated, the DF
test corrects them by adding several lagged differences to the equations:
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Yi=CH+fr+dAYr1+Y t=1)" (0-1) ai AYr+ UA

The Dickey-Fuller test is then called the augmented Dickey-Fuller test.
The decision whether to accept the hypothesis is done by comparing the test
statistic, DF, with the tabulated critical value. If the absolute DF wvalue is less
than the absolute critical value, the null hypothesis is not rejected, indicating that
the time series is non-stationary (Cai & Omay, 2022; Cheung & Lai, 1995;
Paparoditis & Politis, 2018).

In a T-test, the T-statistic is used to decide whether to accept or reject
the null hypothesis. The t-statistic is used when the sample size is small, or the
population standard deviation is unknown. It is quite similar to the Z-score in
other respects. For instance, the T-statistic determines the population means
from a sampling distribution of sample means when the population standard
deviation is unknown. When doing hypothesis testing, it is also used in
conjunction with a P-value, which indicates the likelihood that the results will
have occurred (Cai & Omay, 2022; Cheung & Lai, 1995; Paparoditis & Politis,

2018).
Table 1: ADF Test for Variables of the GOFDI Change Models
Variable T- . 1% 5% 10% Level Result
statistic
GOFDI -7.1022 -3.6210  -2.9434 -2.6103 1(0) Accept
-9.2210  -3.6210  -2.9434  -2.6103 1(1) Accept
CPI 0.8787  -3.6210  -2.9434 -2.6103 1(0)
-4.5984  -3.6210  -2.9434 -2.6103 1(1) Accept
GIMP -5.4466  -3.6155 -2.9411 -2.6090 1(0)
-7.7197  -3.6210  -2.9434  -2.6103 1(1) Accept
UR -1.8846  -3.6210 -2.9434 -2.6103 1(0)
-6.0802  -3.6329  -2.9484  -2.6102 1(1) Accept
LEDU -0.1052  -3.6155  -2.9411 -2.6090 1(0)
-3.2999  -3.6267  -2.9458  -2.6115 1(1) Accept
POP -3.2426  -3.6329  -2.6128 -2.6128 1(0) Accept
-1.6649  -3.6318  -2.9511 -2.6143 1(1)
OoPV -3.9719  -3.6329  -2.6128 -2.6128 1(0) Accept

-8.3605  -3.6318 -2.9511 -2.6143 I(1) Accept
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Table 1 shows that the variables of the GOFDI change models are not stationary
at the level, except GOFDI, OPV, GIMP, and POP. All variables are stationary
at the first difference level at the one percent significance level, except for EDU,
which is stationary at the five percent significance level, and POP at five and ten
percent. Because the absolute values of the test statistic are greater than the
absolute critical values at the first difference level (p < 0.01, 0.05), the null
hypothesis is rejected. This means that the is stationary at I (1), that is, there is a
unit root at the first difference.

Lag Length Selection Test

The lag length is selected using a number of criteria, including the likelihood
ratio test (LR), final prediction error criterion (FPE), Hannan-Quinn information
criterion (HQC), Akaike information criterion (ATC), and Schwarz information
criterion (SIC). The results in show tables (2, 3, and 4) that the selected lag length
for models:

GOFDIt = B0+ B1UR? +B2CPIt + B3GIMPt + B4POPHB5I.EDU++ B60PY2
+B7URt *DUM+ ut,

GOFDIt = B0+ BT1UR? +B2CPIt + B3GIMPt + B4POP+B51L.EDU+ B6OPl’t
B7CPIt *DUM+ ut , and

GOFDIr = B0+ BT1URt +B2CPIt + B3GIMPt + B4POP+HB5SLEDUH B6OPL't
+B7LIMPt *DUM+ ut is three.

Table 2: Lag Length for the Unemployment Model

Lag LR FPE AIC SC HQ
0 NA 0011334  18.22292 1857481  18.34574
1 332.8221  1.92e-06  9.451728  12.61877  10.55711
2 1291760  1.32¢-07  6.208548  12.19073  8.296490
3 109.0891*  1.58e-09*  -0.153082*%  8.644245%  2.917420%

Likelihood ratio test (LR), final prediction error criterion (FPE), Hannan-Quinn
information criterion (HQC), Akaike information criterion (ATC), and Schwarz
information criterion (SIC)

Table 3: Lag Length for the Inflation Model

Lag LR FPE AIC SC HQ
NA 6142.610 31.42591 31.77780 31.54873
1 344.4915 0.674426 22.22252 25.38956 23.32790
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2 131.2384 0.041546 18.87079 24.85297 20.95873
3 100.0096*  0.001141*  13.33456*  22.13189*  16.40506*

likelihood ratio test (LR), final prediction error criterion (FPE), Hannan-Quinn information criterion (HQC), Akaike information
criterion (ATC), and Schwarz information criterion (SIC)

Table 4: Lag Length for the Imports Model

Lag LR FPE AIC SC HQ

0 NA 67.69937 26.91798 27.26987 27.04080
1 305.6326 0.031348 19.15381 22.32085 20.25919
2 133.3994 0.001723 15.68834 21.67052 17.77628
3 121.0273*  7.01e-06* 8.241418*  17.03875%  11.31192*

likelihood ratio test (LR), final prediction error criterion (FPE), Hannan-Quinn information criterion (HQC), Akaike information
criterion (ATC), and Schwarz information criterion (SIC)

Normality Test

One of the fundamental assumptions in multivariate regression analysis is
normality. This assumption refers to the normal distribution of regression
residuals (Gio & Caraka, 2019; Van den Bossche, 2011). The normality test is
necessary for valid hypothesis testing. There are several methods in which one
could describe the distribution of residuals that differs from the normal
distribution. This study uses skewness and kurtosis, as they are two of the most
popular approaches to describe the shape or distribution of datasets (Gio &
Caraka, 2019; Van den Bossche, 2011). The data are considered reasonably
normal if the kurtosis values are within the range 10 and skewness values
within the range of £3 (Gio & Caraka, 2019; Van den Bossche, 2011).

g
Series: Residuals
7 - — Sample 1983 2018
s Observations 36
. Mean -2.97e-16
’ Median 0.017729
b | Maximum 0.415030
Minimum -0.395670
3 | Std. Dev. 0.173724
Skewness -0.056861
2 Kurtosis 3.027203
L Jarque-Bera  0.020509
o Probability 0.989798
04 03 02 01 0.0 01 02 03 04

Figure 2: Results of Normality Tests for the UR Model
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Series: Residuals
7 - — Sample 1983 2018
Observations 36

- Mean -2.57e-15
’ Median -0.008790
la | Maximum 0.383184
Minimum -0.339152

3 | Std. Dev. 0.165285
Skewness 0.215294

2 — Kurtosis 2.733181

Jarque-Bera  0.384896
Probability 0.824937

U T T T
-0.3 -0.2 -0.1 0.0 0.1 0.2 0.3 0.4

Figure 3: Results of Normality Tests for the IMP Model

7
Series: Residuals

6 | Sample 1983 2018
Observations 36

5 |
Mean -2.76e-15

I | | Median -0.008222
Maximum 0.483054

| Minimum -0.373916
Std. Dev. 0.194872

b | Skewness 0.280325
Kurtosis 3.000680

" Jarque-Bera  0.471492

o ﬂ Probability 0.789981

T ' T T

04 03 02 01 00 01 02 03 04 05
Figure 4: Results of Normality Tests for the CPI Model

Figures 2, 3, and 4 shows that the residuals of the OFDI Change Models
are normally distributed. The histogram depicts a bell curve and the p-value of
Jarque-Bera is not statistically significant. This strongly supports that the t-
statistic and F-statistic are valid.

CUSUM Test

Another important preliminary test outside of stationarity and integration is to
examine the structural changes in the behaviour of the models. This is most
commonly tested using the CUSUM. The results of this test are shown in the
form of recursive residuals of the model. If the residuals remain within the
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computed critical limits throughout the observed study period, it means that the
parameters of this model are stationary, so the period does not have to be
segmented. If the curve goes outside the critical limits, it is necessary to divide
the period into sub periods so that the time series becomes stationary (Brown,
Durbin, & Evans, 1975; Lee, Ha, Na, & Na, 2003; Westerlund, 2005).

T
2013 2014 2015 2016 2017 2018

| — CUSUM of Squares ————- 5% Significance

Figure5: CUSUM for the UR Model

-6

2015 2016 2017 2018

| Y G TUT=YUT Y/ —— 5% Significance |

Figure 6: CUSUM for the IMP Model
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Figure 7: CUSUM for the CPI Model

ARDL Model

ARDL has been used for decades to model the relationship between economic
variables using a single-equation time-seties. Its popularity is also because the
integration of non-static variables is equivalent to the error correction (EC)
process, and that the ARDL model has a reconfiguration process in the form of
EC (Alves & da Silveira Bueno, 2003; Dike, 2018; Engle & Granger, 1987,
Kripfganz & Schneider, 2018). The long-run or short-run co-integrating
relationship can be tested based on the representation of error correction. A
bounds testing procedure is available to draw conclusive inference without
knowing whether the variables are integrated of order zero or one (I(0) or I(1)
(Alves & da Silveira Bueno, 2003; Cai & Omay, 2022; Dike, 2018; Engle &
Granger, 1987; Kripfganz & Schneider, 2018).

Bounds Test

Time series that is not stationary at level becomes static after taking the first
difference level. This lowers the possibility of a significant long-run equilibrium
correlation between the variables. As a solution, the ARDL method uses the
bound test proposed by Pesaran and Smith (2001) to determine whether the
variables are co-integrated (Mulok, Kogid, Lily, & Asid, 2016; Pesaran, Shin, &
Smith, 2001; Sowah & Kirikkaleli, 2022).

Table 5: Bounds Testing for the GOFDI Change Models
Models Vi 1% 5% 10% Result
I00 IO I I I0 I
GOFDI = {UR, 12.01  2.88 399 227 328 199 294 Cointegration
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CPI, GIMP, OPV,

POP, LEDU,

UR*DUM)

GOFDI = fUR,

gg;;ggﬁ?w’ 10.04 2388 399 227 328 199 294 Cointegration
CPI*DUM)

GOFDI = {UR,

gg;;gggﬁ?w’ 1075 2.88 3.99 227 328 199 294 Cointegration

GIMP*DUM)

Table 5 shows the bounds testing results, which indicate that some
variables in the previous models have long-term relationships. These are
confirmed by comparing the calculated f value with the boundaries. Therefore,
the null hypothesis (no co-integration) can be rejected, indicating that there are
co-integrating relationships at all levels of significance.

Estimating Long-run Elasticity

Since the wvatiables are co-integrated, it means that they have long-term
equilibrium relationships. The long-term elasticity of these variables is estimated
using the ARDL model. Table 6 shows the estimated long-run coefficients of the
variables of the unemployment model. The ARDL model uses lag lengths
defined by the EVIEWS 10 software (1, 1, 3, 3, 0, 3, 3, 1). The R? amounts to
0.80, which means that on average, the independent variables account for 80
percent of variance in GOFDI in Jordan. The results also indicate that UR, CPI,
LIMP, POP, LEDU, and UR*DUM are statistically significant determinants of
GOFDI, and OPV is not.

Table 6: ARDL Estimation of the Unemployment Model

Variables Coefficient SE t-statistic Prob.
GIMP 0.021358 0.006928 3.082935 0.0087
CPI 0.092306 0.027390 3.370085 0.0050
LEDU 2.929901 0.939281 3119303 0.0081
OPV 0.001227 0.005548 0.221205 0.8284
POP 0.214277 0.106805 2.006242 0.0661
UR -19.35661 4.497520 4303840 0.0009
UR*DUM 9743613 3.758750 2.592248 0.0223
C 13.38878 4199508 3188178 0.0071
R-squared 0.804630 Mean DV 0.005914
Adjusted R- 0.474003 SD DV 0.393034
squared
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S.E. of

. 0.285051 AIC 0.586909
regress10n
Sum squared 1.056301 SIC 1.598602
resid.
Log
e oihood 12.43564 HQC 0.940017
F-statistic 2.433652 Durbin- 2.733760

Watson

LPtralolE- 0.000000
statistic)

Dependent Variable: GOFDI

Akaike info criterion (AIC), ARDL (1, 1, 3, 3,0, 3, 3, 1)

DV: dependent variable; AIC: Akaike information criterion; SIC: Schwarz
information criterion; HQC: Hannan-Quinn information criterion; SE: stander
error: SD: stander deviation

Since the variables are measured in logs, all coefficients represent long-
run elasticity between independent and dependent variables. The results in Table
528 shows that the effect of unemployment on GOFDI in Jordan is
straightforward: A one percent increase in the unemployment rate leads to a
decrease in GOFDI by 19.35 percent. Additionally, unemployment during the
Syrian crisis is also a negative determinant of GOFDI. A one percent increase in
LUR*DUM leads to a 9.74 percent decrease in GOFDI. Amidst the Syrian crisis,
a one percent increases in the unemployment rate decrease GOFDI in Jordan by
a total of 29.09 percent, ceteris paribus. The long-run unemployment model can
be written as:

GOFDI =13.3+ 0.092*CPI -2.92*L.EDU + 0.021*GIMP +0.21*POP -19.74*UR
+ 0.007*0OPV -9.74*UR*DUM

Table 7: ARDL Estimation of the Inflation Model

Variables Coefficient SE t-statistic Prob.
GIMP 0.018684 0.007417 2.518872 0.0236
CPI 0.063209 0.023824 2.653191 0.0181
LEDU -2.273783 0.940988 -2.416377 0.0289
Oorv 0.006303 0.005161 1.221382 0.2408
POP 0.071848 0.065274 1.100716 0.2884
UR -14.40903 4.064439 -3.545147 0.0029
CPI*DUM -0.004629 0.002636 -1.756168 0.0995
C 10.98186 4.407235 2.491780 0.0249
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R-squared 0.754168 Mean DV 0.005914

Adjusted R- 0.426393 SD DV 0.393034

squared

S, G 0.297672 AIC 0.705549

regression

Sum squared 1329129 SIC 1.629268

resid.

Log

ik Sihood 8.300124 HQC 1.027951

F-statistic 2.300869 Durbin- 2.508297
Watson

Prob(E- 0.000000

statistic)

Dependent Variable: GOFDI

Akaike info criterion (AIC), ARDL (1, 1, 2, 3,0, 3, 3, 0)

DV: dependent variable; AIC: Akaike information criterion; SIC: Schwarz
information criterion; HQC: Hannan-Quinn information criterion; SE: stander
error: SD: stander deviation

Table 7 shows the estimated long-run coefficients of the variables of the
inflation model. The ARDL model uses lag lengths defined by the EVIEWS 10
software (1, 1, 2, 3, 0, 3, 3, 0). The R? amounts to 0.75, which means that on
average, the independent variables account for 75 percent of variance in GOFDI
in Jordan. The results also indicate that UR, GIMP, CPI, LEDU, and CPI*DUM
are statistically significant, while POP, and LOPV are not statistically significant.

Since the variables are measured in logs, all coefficients represent long-
run elasticity between independent and dependent variables. The results show in
Table 7 that the effect of inflation on GOFDI in Jordan is straightforward: A
one percent increase in inflation leads to a 0.063 percent increase in GOFDL
However, when it is paired with the Syrian crisis dummy (CPI*DUM), a one
percent decrease leads to a 0.0046 percent decrease in GOFDI. Amidst the
Syrian crisis, therefore, a one percent increases in inflation rate increase GOFDI
in Jordan by a total of 0.058 percent, ceteris paribus. The long-run inflation
model can be written as:

GOFDI = 10.98+ 0.063*CPI -2.27*LEDU + 0.018*GIMP +0.071*POP
14.40*UR -0.006*L.OPL” +0.0046*CPI*DUM
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Table 8: ARDL Estimation of the Imports Model

Variables Coefficient SE t-statistic Prob.

GIMP 0.027765 0.008683 3197727 0.0085

CPI 0.015841 0.021246 0.745608 0.4715

LEDU 1174155 0.961974 -1.220568 0.2478

OPV 0.066248 0.021797 3.039315 0.0113

POP -0.220605 0.075478 2.922770 0.0139

UR -8.369892 3.396621 2.464182 0.0314

IMP*DUM 0.120049 0.047300 2.538059 0.0276

C 7.053237 4731153 1.490807 0.1641

R-squared 0.823150 Mean DV 0.005914

Adjusted R- 0.437296 SD DV 0.393034

squared

S.E. of 0.294829 AIC 0.598424

regression

Sum squared 0.956167 SIC 1.698090

resid.

Log

likslihood 14.22837 HQC 0.982237

F-statistic 2133321 Dutbin- 2.924071
Watson

Lol 0.000000

statistic)

Dependent Variable: GOFDI

Akaike info criterion (AIC), ARDL (1, 1, 0, 3, 3, 3, 3, 3)

DV: dependent variable; AIC: Akaike information criterion; SIC: Schwarz
information criterion; HQC: Hannan-Quinn information criterion; SE: stander
error: SD: stander deviation

Table 8 shows the estimated long-run coefficients of the variables of the
imports model. The ARDL model use slag lengths defined by the EVIEWS 10
software (1, 1, 0, 3, 3, 3, 3, 3). The R? amounts to 0.82, which means that on
average, the independent variables account for 82 percent of variance in GOFDI
in Jordan. The results also indicate that UR, LIMP, LIMP*DUM, POP, and
OPV are statistically significant, while LEDU, and CPI are not statistically
significant.

Since the variables are measured in logs, all coefficients represent long-
run elasticity between independent and dependent variables. The result in

shows that the effect of import on GOFDI in Jordan is
straightforward: A one percent increase in import leads to a 0.027 percent
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increase in GOFDI. However, when it is paired with the Syrian crisis dummy
(GIMP*DUM), a one percent increase leads to a 0.12 percent increase in
GOFDI. Amidst the Syrian crisis, a one percent increases in import rate
increases GOFDI in Jordan by a total of 0.147 percent, ceteris paribus. The
long-run inflation model can be written as:

GOFDI =7.05 + 0.015*CPI -1.17*LLEDU + 0.027*GIMP -0.22*POP -8.36*UR +
0.066*17PO + 0.12*IMP*DUM

There are not many explanations for the long-term coefficients because
the variables have shown co-integration and long-run elasticity. Nonetheless,
long -term elasticity is estimated to follow the error correction coefficient (Coint
Eq (-1)). Table 9 shows the long -run elasticity estimations of the unemployment
model. The error correction term (ECT) in the long run is negative. Its absolute
value indicates the percentage of disequilibrium in GOFDI in the previous
period that is corrected at a later period towards long-run equilibrium. In this
case, the error correction term for the unemployment model is -1.78. In other
words, the economy is adjusting towards long-run equilibrium at a speed of 1.78.

Table 9: Long-run Elasticity Estimations of the Unemployment Model

Variable Coefficient SE T-statistic Prob.

D(GIMP) 0.008135 0.003385 2.403005 0.0319
D(crI) 0.063446 0.018501 3.429379 0.0045
D(CPI(-1)) -0.126160 0.022053 -5.720835 0.0001
D(CPI(-2)) -0.112239 0.019195 -5.847412 0.0001
D(LEDU) -1.183702 0.493259 -2.399758 0.0321
D(LEDU(-1)) 3.815849 0.612134 6.233681 0.0000
D(LEDU(-2)) 2.945308 0.652254 4.515581 0.0006
D@POoP) -1.407010 0.490027 -2.871290 0.0131
D(@POP(-1)) 3.742976 0.968291 3.865549 0.0019
D(@POP((-2)) -3.826370 0.647957 -5.905280 0.0001
D(UR) -8.429912 2.287462 -3.685268 0.0027
D(UR(-1)) 31.19118 3.115981 10.01007 0.0000
D(UR(-2)) 20.72974 3.019443 6.865419 0.0000
D(UR*DUM) -12.09538 2.038169 -5.934434 0.0000
CointEq(-1)* -1.781462 0.134777 -13.21784 0.0000

SE: stander error: CointEq: Error correction Equation
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Table shows the long -run elasticity estimations of the inflation model.
The error correction term (ECT) in the long run is negative. Its absolute value
indicates the percentage of disequilibrium in GOFDI in the previous period that
is corrected at a later period towards long-run equilibrium. In this case, the error
correction term for the inflation model is -1.64. In other words, the economy is
adjusting towards long-run equilibrium at a speed of 1.64.

Table 10: Long-run Elasticity Estimations of the Inflation Model

STD. T-
VARIABLE COEFFICIENT ERROR  STATISTIC PROB.
D(GIMP) 0.006821 0.003547 1.923039 0.0737
D(LEDU) -0.925750 0.513956 -1.801224 0.0918
D(LEDU(-1)) 3.231218 0.620384 5.208419 0.0001
D@LEDU(-2)) 2.380053 0.652650 3.646754 0.0024
D(POP) -0.802331 0.481848 -1.665112 0.1166
D(POP(-1)) 2.720928 0.953607 2.853302 0.0121
D(POP(-2)) -2.824734 0.626636 -4.507774 0.0004
D(UR) -9.036324 2.439895 -3.703570 0.0021
D(UR(-1)) 16.99664 2.581097 6.585048 0.0000
D(UR(-2)) 10.88963 2.729058 3.990253 0.0012
D(CPI) 0.024565 0.018896 1.299985 0.2132
D(CPI(-1)) -0.076907 0.021238 -3.621148 0.0025
SSINTEQ(- -1.643722 0.134919 -12.18306 0.0000

SE: stander error: CointEq: Error correction Equation

Table shows the long-run elasticity estimations of the imports model.
The error correction term (ECT) in the long run is negative. Its absolute value
indicates the percentage of disequilibrium in GOFDI in the previous period that
is corrected at a later period towards long-run equilibrium. In this case, the error
correction term for the imports model is -1.75. In other words, the economy is
adjusting towards long-run equilibrium at a speed of 1.75.

Table 11: Long-run Elasticity Estimations of the Imports Model

Variable Coefficient SE t-statistic Prob.
D(GIMP) 0.015707 0.003885 4.043108 0.0019
D(LEDU) 0.191991 0.426463 0.450195 0.6613
D(@LEDU(-1)) 3.771991 0.485833 7.763972 0.0000
D(LEDU(-2)) 3.126038 0.539776 5.791365 0.0001
D(OPV) 0.012451 0.005497 2.264821 0.0447
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D(OPV(-1)) -0.073961 0.009115 -8.114517 0.0000

D(OPV(-2)) -0.039645  0.007484  -5.297018 0.0003
D(POP) 2312447 0552808  -4.183093 0.0015
D(POP(-1)) 3982456 0980033  4.063592 0.0019
D(POP(-2)) 3.042259  0.602351  -5.050642 0.0004
D(UR) 5018903 2245398  -2.235196 0.0471
D(UR(-1)) 18.85747  2.269366  8.309575 0.0000
D(UR(-2)) 1586695 2631973 6.028540 0.0001
D(GIMP*DUM) -0.020200  0.020025  -1.008757 0.3348
* o
g)(GIMP DUMG 192465 0028455  -6.763868 0.0000
k -
ggGIMP DUMG 076032 0.020416  -3.768201 0.0031
CointEq(-1)* 1753935 0.140366  -12.49540 0.0000

SE: stander error: CointEq: Error correction Equation
Estimating Short run

Table 12: Short-run Relationship for the Unemployment Model

Variable Test statistic Value Probability
GIMP F-statistic 5.470619 0.0189
Chi-square 10.94124 0.0042
UR F-statistic 4.183108 0.0215
Chi-square 16.73243 0.0022
CPI F-statistic 3.061153 0.0556
Chi-square 12.24461 0.0156
POP P-statistic 3.127398 0.0524
Chi-square 12.50959 0.0139
LEDU F-statistic 2.680280 0.0790
Chi-square 10.72112 0.0299
UR*DUM F-statistic 3.257571 0.0713
Chi-square 6.515143 0.0385
OPV F-statistic 0.049638 0.8272
Chi-square 0.049638 0.8237

shows there is a short-term relationship between UR, GIMP, CPI,
POP, LEDU, and UR*DUM ceteris paribus, as the probability of the chi-square
is less than five percent. But there is no short-term causality relationship with
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OPV (ceteris paribus) because the chi-square probability is more than five

percent.
Table 13: Short-run Relationship for Inflation Model
Variable Test statistic Value Probability
GIMP F-statistic 3.872913 0.0440
Chi-square 7.745826 0.0208
UR F-statistic 3.271520 0.0407
Chi-square 13.08608 0.0109
CPI F-statistic 3.003324 0.0636
Chi-square 9.009973 0.0292
POP F-statistic 2.884265 0.0591
Chi-square 11.53706 0.0211
LEDU F-statistic 1.880363 0.1663
Chi-square 7.521451 0.1108
CPI*DUM F-statistic 2.895428 0.1095
Chi-square 2.895428 0.0888
OPV F-statistic 1.574786 0.2287
Chi-square 1.574786 0.2095

shows there is a short-term relationship between UR, GIMP, CPI, and
POP ceteris paribus, as the probability of the chi-squate is less than five percent.
But there is no short-term causality relationship between OPV, and CPI*DUM
(ceteris paribus) because the chi-square probability is more than five percent.

Table 14: Short-run Relationship for Imports Model

Variable Test statistic Value Probability
GIMP F-statistic 5.384741 0.0234
Chi-square 10.76948 0.0046
UR F-statistic 3.640296 0.0400
Chi-square 14.56119 0.0057
CPI F-statistic 0.549127 0.4742
Chi-square 0.549127 0.4587
POP F-statistic 4.834106 0.0170
Chi-square 19.33642 0.0007
LEDU F-statistic 2.064295 0.1544
Chi-square 8.257180 0.0826
GIMP*DUM F-statistic 2.461264 0.1069
Chi-square 9.845056 0.0431
OPV P-statistic 3.643743 0.0481
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Chi-square 10.93123 0.0121

shows there is a short-term relationship between UR, GIMP, CPI, and
POP ceteris paribus, as the probability of the chi-squate is less than five percent.
But there is no short-term causality relationship between OPV, and CPI*DUM
(ceteris paribus) because the chi-square probability is more than five percent.
shows there is a short-term relationship between GIMP, UR, POP, OPV and
GIMP*DUM, ceteris patibus, as the probability of the chi-square is less than five
percent. But there is no short-term causality relationship between CPI and
LEDU (ceteris paribus) because the chi-square probability is more than five
percent.

Diagnostic Tests

In addition to the previous tests, diagnostic tests like serial correlation and
heteroskedasticity tests are also important to ensure the model is free of standard
problems.

shows that the probability values for IF are greater than five percent for both
models. Therefore, the null hypothesis is not rejected, which means that serial
correlation and heteroskedasticity are not found in both models.

Table 15: Results of Diagnostic Tests for the Unemployment, Inflation, and

Imports Model
Equations Test T?St. Prob.
statistic
. . F- Cal.=
GOFDI = {UR, CPI, GIMP, Serial correlation 23557 0.1314
% - =
QLpY, BOLE, LLEIDU, U DURY) Heteroskedasticity F- Cal, 0.1020
1.9815
_ . . F- Cal.=
GOFDI = fUR, CPI, GIMP, Serial correlation 1.9924 0.1653
OPV, POP, LEDU, F—. Cal.=
CPI*DUM) Heteroskedasticity 13 43'1 0.2831
GOFDI = AUR, CPI, GIMP, Serial correlation FS_ 5C1?)1(T 0.1211
OPV, POP, LEDU, F. Cal= 1
GIMP*DUM) Heteroskedasticity 9;5'1‘ © 05293

Robustness Checking
For robustness checking, several alternative procedures have been considered in
this study; (i) estimating the SVAR model; (ii) model with external debt; and (iii)
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model without external debt. Overall, the unemployment rate model, inflation
model, and import model are robust with this restriction. Moreover, the external
debt was used as a control variable for this model. As an indicator of the
economic openness of the Jordanian economy.

Table 16: Unemployment rate model without external debt

Variance Decomposition of OFDI:
Period  S.E. OFDI IMP CPI OPV POP UR  URDUM

—

| 0.106656 | 100.0000 | 0.000000 | 0.000000 | 0.000000 | 0.000000 | 0.000000 | 0.000000

2 0.111514  95.54850  0.302959  1.145272  0.334584  0.152791  0.674079  1.841820

| 3 | 0.113595 | 92.31609 | 0.320418 | 1.329794 | 1.947092 | 0.308712 | 0.663557 | 3.114333 |
4 0.115623  91.47282  0.579448  1.475235 2334248  0.447958  0.665206  3.025081

| 5 | 0.116901 | 89.60777 | 0.705149 | 2.367646 | 2.673340 | 0.456039 | 0.813019 | 3.377041 |
6 0.117794  88.50273  0.830530  2.791167  3.066681  0.455337  0.895419  3.458136

| 7 | 0.118299 | 87.75117 | 0.890353 | 3.177847 | 3.079071 | 0.489661 | 1.097548 | 3.514353 |

8 0.118478  87.49846  0.923803  3.176061  3.109357  0.601643  1.178091  3.512586

| 9 | 0.118774 | 87.08144 | 1.007819 | 3.208251 | 3.097714 | 0.840940 | 1.266701 | 3.497140 |

10 0.119289  86.40079  1.096899  3.429015  3.089440  1.173145 1.331566  3.479141

Table 17: Unemployment rate model with external debt

Variance Decomposition of OFDI:

URDU

Period S.E. OFDI IMP CPI OPV POP UR M LEXP

1 0.10415 | 100.000 | 0.00000 | 0.00000 | 0.00000 [ 0.00000 | 0.00000 | 0.00000 [ 0.00000
8 0 0 0 0 0 0 0 0

2 0.11371  87.1594  0.17340  0.62920  0.10325  0.19092  0.15957  1.97308  9.61106
8 9 2 4 4 9 3 2 4

3 0.11717 | 82.3918 | 0.28216 | 1.46155 | 1.76641 | 0.32669 | 1.03120 | 3.23742 | 9.50270
1 3 5 8 8 8 2 5 5

4 0.12015  82.3569  0.68147  1.47120  1.87729  0.34348  1.09308  3.13872  9.03780
9 4 1 4 3 8 0 6 2

5 0.12116 | 81.0821 | 0.83098 | 1.54341 | 1.84895 | 0.35587 | 1.30674 | 3.27594 | 9.75597
9 1 3 2 9 7 5 0 1

6 0.12254  79.2724  0.81254  2.00663 ~ 2.51871  0.39851  2.05165  3.20491  9.73453
8 9 3 1 7 5 3 6 6

7 0.12373 | 78.0553 | 0.81810 | 2.01209 | 2.77211 | 0.59229 | 2.57952 | 3.18953 | 9.98097
7 6 1 5 7 0 0 9 3

8 0.12449  77.1960  0.80940  2.14378  3.04623  0.80354 298066  3.15698  9.86336
1 3 3 8 4 0 4 0 2

9 0.12495 | 76.8340 | 0.84978 | 2.13065 | 3.02391 | 1.06232 | 3.13469 | 3.13457 | 9.83006
0 0 6 1 4 0 0 6 6

‘ AZIAF Vol.3 No. 2 (2022) ‘




10 0.12522  76.5378  0.85463  2.12198  3.01084  1.25603  3.23084  3.13651  9.85129

2 4 6 1 8 0 7 6 9
Table 18: Inflation rate model without external debt

Petiod  S.E. OFDI IMP CPI OPV POP UR CPIDUM
1 0.105885  100.0000  0.000000  0.000000  0.000000  0.000000  0.000000  0.000000

| 2 | 0.110840 | 96.26035 | 0.293757 | 0.742824 | 0.016785 | 0.105794 | 0.428525 | 2.151964 |
3 0112883  92.88418  0.383533 1264872 1126874 0236897 0413429  3.690218

| 4 | 0.115374 | 90.53369 | 0.783906 | 1.459150 | 2.270667 | 0.495646 | 0.534868 | 3.922071 |
5 0.116701 8853973  0.930113  2.607545 2488076  0.494597 0.985216  3.954724

| 6 | 0.117839 | 87.89674 | 1.188041 | 2.944341 | 2542418 | 0.490224 | 1.000910 | 3.937328 |
7 0.118359  87.26543  1.236708 3343453  2.557918 0554053 1127860  3.914576

| 8 | 0.118512 | 87.04876 | 1.241304 | 3.335524 | 2561555 | 0.733739 | 1.155401 | 3.923713 |
9 0.118935  86.44703  1.381275 3.448180  2.656404 1.018423 1151914  3.896773

| 10 | 0.119627 | 85.55884 | 1.476492 | 3788496 | 2.764492 | 1.355204 | 1.142522 | 3.913953 |

Tablel9: Inflation rate model with external debt
Variance Decomposition of OFDI:

CPID

Period S.E. OFDI IMP CPI OPV POP UR UM LEXP

1 0.10271 | 100.000 | 0.00000 | 0.00000 | 0.00000 [ 0.00000 | 0.00000 [ 0.00000 [ 0.00000
9 0 0 0 0 0 0 0 0

2 0.11330  86.2647  0.22204  0.24284  0.01825  0.04236  0.04558  2.93506  10.2290
7 7 7 6 0 6 0 7 8

3 0.11682 | 81.2479 | 0.30003 | 1.44070 | 1.48674 | 0.07915 | 0.82971 | 4.63247 | 9.98324
6 3 7 6 4 4 2 4 2

4 0.11979  79.8873  0.85499  1.51536  2.21310 0.16348  1.29762  4.57002  9.49810
8 0 5 7 0 6 2 9 2

5 0.12119 | 78.0591 | 1.04849 | 1.57338 | 2.20001 | 0.20327 | 2.11845 | 4.46875 | 10.3284
3 8 3 3 1 5 6 4 5

6 0.12268  76.3706  1.02365 2.12168  2.44288  0.25405 2.96582  4.45947  10.3617
3 6 8 9 8 3 2 1 6

7 0.12385 | 74.9737 | 1.02115 | 2.08874 | 2.50145 | 0.52220 | 3.37479 | 4.39742 | 11.1205
3 2 9 8 3 4 4 2 0

8 0.12440  74.3517 1.01438  2.18113  2.64146  0.82285 3.58183  4.35933  11.0472
2 9 7 0 6 2 5 6 1

9 0.12486 | 74.1135 | 1.10198 | 2.17233 | 2.63697 | 1.09057 | 3.56820 | 4.33469 | 10.9816
9 7 3 0 0 9 3 6 7

10 0.12514  73.8709  1.12736  2.18989  2.64433  1.21279  3.55656  4.32063  11.0774
5 8 1 2 3 3 0 8 4
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Table 20: Import model without external debt
Petiod  S.E. GGDP  GIMP CPI OPV POP UR  IMP*DUM

1 0.108245  100.0000  0.000000  0.000000  0.000000  0.000000  0.000000 0.000000

0.112841 | 96.17029 | 0.584100

0.050291 | 0.651247 | 0.000564 | 0.532448

2.011057 |

0.114212  93.87635  0.617236  0.253593  1.924039  0.078860  0.990366 2.259561

0.117491 | 91.85990 | 1.669693 | 0.241284 | 2.121767 | 0.560827 | 0.967812

2.578719 |

0.119382  90.85724  1.670815  1.155553  2.273592  0.592127  0.947230 2.503439

S|l | ||

| 0.120368 | 90.01349 | 1.985690 | 1.634018 | 2.333355 | 0.590862 | 0.960973

2.481616 |

7 0.120716  89.50964  2.067894  1.794581  2.339354  0.773954  0.981666 2.532910

| 8 | 0.121020 | 89.06101 | 2.109778 | 1.797567 | 2.327701 | 1.102375 | 0.977181

2.624387 |

9 0.121573  88.33473  2.169918  1.973234  2.436989  1.458512  0.970677 2.655938

| 10 | 0.122189 | 87.59184 | 2.169186 | 2.358445 | 2.577264 | 1.709349 | 0.964416 | 2.629501 |

Table 21: Import model with external debt

Variance Decomposition of OFDI:

IMPD

Period S.E. GDP IMP CPI OPV POP UR UM LEXP

1 0.10558 | 100.000 | 0.00000 | 0.00000 | 0.00000 [ 0.00000 | 0.00000 | 0.00000 | 0.00000
8 0 0 0 0 0 0 0 0

2 0.11619  87.3561  0.33172  0.01776 ~ 0.41039  0.00046  0.60711  1.74548  9.53095
4 0 0 3 6 9 8 0 1

3 0.11748 | 85.4421 | 0.33475 | 0.67105 | 1.42834 | 0.00540 | 0.65385 [ 2.14185 | 9.32261
9 1 8 3 9 8 3 3 3

4 0.12297  83.1417  2.28378  1.28471  1.34801  0.24191  0.81512  2.37326  8.51142
2 4 8 6 5 9 7 7 8

5 0.12429 | 82.5621 | 2.32466 | 1.27506 | 1.32633 | 0.23682 | 0.84624 | 2.32319 | 9.10555
0 1 6 4 2 0 8 9 6

6 0.12554  81.2713  2.46718  1.54976  1.43904 0.25964  1.18494  2.27716  9.55087
0 7 8 3 1 8 9 6 9

7 0.12627 | 80.4370 | 2.52778 | 1.54326 | 1.51545 | 0.51268 | 1.33605 | 2.40613 | 9.72157
3 3 9 9 6 4 6 9 9

8 0.12701  79.5946  2.56349  1.53270  1.56866  0.89964  1.44671  2.78415  9.60996
9 5 8 4 2 7 0 6 8

9 0.12755 | 79.1009 | 2.59728 | 1.57410 | 1.58346 | 1.18897 | 1.45149 | 2.96904 | 9.53474
5 0 2 4 3 9 7 1 1

10 0.12781  78.7810  2.58819  1.59929  1.59607  1.28028  1.44554  2.96697  9.74259
8 4 4 4 8 0 6 9 0
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CONCLUSION

This study aimed to investigate the changes in FDI outflow resulting from
Jordan’s response to the Syrian Crisis. Using time series analysis of selected
variables during the period 1980 until 2018 using the ARDL model. The
objective achieved the appropriate statistical tests such as data stability and co-
integration tests have been used. The variables analyzed the growth of FDI
outflow GOFDI, the unemployment rate UR, growth of imports GIMP,
inflation rate CPI, population growth POP, education spending LEDU, price oil
price volatility OPV, dummy variable for the Syrian crisis DUM, and the etror
term pt. The dependent variable is the foreign direct investment outflow
(GOFDI). The results of the model show that, the etror correction term for the
unemployment model is -1.98. In other words, the economy is adjusting towards
long-run equilibrium at a speed of 1.98. Secondly, the error correction term for
the inflation model is -1.11. In other words, the economy is adjusting towards
long-run equilibrium at a speed of 1.11. Finally, the error correction term for the
imports model is -1.41. In other words, the economy is adjusting towards long-
run equilibrium at a speed of 1.41. The study recommended; that the Jordanian
government must provide an appropriate environment for foreign investment
and remove the obstacles to investment in general, in order to attract foreign
investment capital to invest in the Jordanian economy.
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